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Mixed Genetic Algorithms and its Application to Multprocessor Scheduling Problem

ZHANG Chang-Wei, LI Xiao-Qing
(Zhejiang Wanlin University, Ningbo 315101, China)s
¥

Abstract: The genetic algqrithm co’(nvergence slower, easily into the local extremum faults. Through the algorithm is
proposed based on hybrid differential evolution of chaos and hybrid genetic algorithm. The algorithm utilizes chaotic
motions of the ergodicity and intrinsic stochastic according to create initial group, the evolutionary algorithm for
difference strategy, make the chromosomes in solution space more effective search optimal solution. Finally, this hybrid

genetic algorithm applied to the multi-processor scheduling problem, the experimental results show that the hybrid

algorithm is high efficiency for the optimization, can better optimization results.

Keywords: genetic algorithm; chaos; differential evolution; multprocessor scheduling
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