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Key-Nodes Mining Algorithm Based on Communities
LU Xiao-Ye, CHEN Wei
(School of Optical-Electrical and Computer Engineering, University of Shanghai for Science and Technology, Shanghai 200093, China)

Abstract: When mining the key-nodes from large-scale networks, the traditional methods are poor efficiency. To address
this defect, a new algorithm; which based on communities, is presented for mining the key-nodes. First, it improved the
community detection algonthms and then put forward an algorithm based on degree centrality of the node for mining
the key-nodes. The experlmental results show that when applying the new algorithm to mine the key-nodes from
communities, not only the influence degree of mining is guaranteed, but also the efficiency is improved significantly.
Key words: key-nodes; community detection; social networks; degree centrality; influence degree
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Begin:  set<int> T, =®;

map<int, set<int>> community i <« Ci ;

{ intt« select max_degree(community i);

T, =T, U{t};

set<int> neighbour t < find neighbour(t,d);

neighbour_t = neighbour_tU {t};

delete_neighbour(community_i, neighbour_t);

Ywhile(community_i # ® && |Ti| <h)

output T.;  End;
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