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Improve Efficiency of Line DetectionUsing Hough Transform
QI Bao-Ying . "
(School of Informatien Engineering,NanChang HangKong University, NanChang 330063, China)

Abstract: Because of the slow detection speed and occupying big system memory for lines in digitial images, a new
improved detection method was proposed. Firstly, sampling in half was used to extract process the image, adopted the
strategy that from probably to accurate tese, reduce the computational complexity.Then, the soble operator was
proceeded on edge detection. Finally, increased the edge gradient on the classical hough transform to reduce the number
of coordinate transformation, and joined up the disconnected line.
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Third-Party Online Payment Core Competence Evaluation Based on BP Neural Network
WANG La-Di, SHI Ya-Wei 1\
(Management Science & Engineering, SHANXI University OF FINANCE & ECONOMICS, Taiyuan 030006; China)

Abstract: Through the online payment industry environment, industry chain and the analysis of major enterprises, built
with third-party online payment core competence evaluation index sYstem including with 14 evaluation index. BP neural
network model is designed to select a sample of six training compahies, three companies to test, and the use of BP neural
network model quantitatively identify third-party online payment the strength of the core competence of enterprises.
Studies have shown that: compared with the traditional linear model, BP evaluation mode is more dynamic and
self-learning nature, }he effor evaluation of the results of small, high precision, fully reflects real situation of the
third-party online ‘payment enterprise’s core competence, for third-party online payment to build the core compete-
tiveness of enterprises to provide a benchmark, while the third-party online payment company for quantitative
evaluation of core competencies has opened up a new way.
Key words: BP neural network; third-party payment; online payment; core competence
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