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Non-Local Means Algorithm Combined with High Order Differential
PENG Yang \ .
(College of Mathematics and Statistics, Chongging University, Chongqing 461331, China)

Abstract: Non-local Means algorithm is a very effective and widely studied algorithm, but it cannot maintain the texture
and weak edges of image very well. By using the characteristics of high order differential which can reflect the weak
boundary and oscillation gcharacteristics of image well, we improve the Non-local Means algorithm. The improved

algorithm cannot enly remove noise, but also keep more details, textures and weak edge.
Key words: image denoising; non-local means; hessian matrix; high order differential; feature direction
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