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Automatic Identification of Uncertainty Information in Natural Language
YANG Wen-Min, LI Bao-Li
(Henan University of Technology, College qf Information Science and Engineering, Zhengzhou 450001, China)

Abstract: There are a lot of uncertainty information in natural Language. It is becoming a focus of researches in NLP
recently. However,‘thé research on Chinese is still scarce. In this paper, we use SVM, which is a good solution to the
high dimension, nonlinear and local small sample, to identify Chinese uncertainty information recognition as a question
of classification. We carry experiment on Chinese uncertainty corpus published by Fudan University, which confirms the
availability exposed by our paper based on SVM. Compared to the sentence scoring model, our system has better recall
rate.
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