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Method for Segmentation of the Low Contrast CT Images

YE Jian-Ping, GUO Li-Yun, TIANYi
(Shenzhen Yorktal Digital Medi‘cal Jmagifqg Technology Co. Ltd, Shenzhen 518048, China)

Abstract: Vascular‘seémentation based on CT images plays an important role in many practical applications, such as
disease diagnosis, surgical planning and so on. Due to limitations of individual differences and image forming apparatus,
angiographic images still remain low contrast and strong noise. The paper provides a method of vessel segmentation,
which first do the image preprocessing using histogram, then improve vesselness function of the vessel enhancement
using Hessian matrix to make it more sensitive to small and fuzzy tubular structures, finally region growing algorithm is
employed to extract the richer in vessel branching. The experiments proved the segmentation method can be achieved
vessel segmentation accurately. It can avoid the error segmentation effectively and has a better robusgness.

Key words: blood vessel segmentation; Histogram pretreatment; Hessian matrix vascular enhancement; region growing
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