2016 4 5254 % 6 M

— LY S e
ST RSP AAFEFHER EAFEE"
SRECHR !, sk A2, i ot
(W RIE TR {5 B IAS TR R, MA/RIEE 150001)
SRR LA B TR B, KIE 116600)
T FIRRHIE e R L s TR ISR I E A v, 7EIA I8 T TR IE e A2 0 il L, $2l 7 —Fh i
TR A B SCR R AE R A S, S R S s A I R AR AR N T, PRI rh i Ve A b A T 5
*&&ﬁ%ﬁ%%%%ﬁﬁ?%%%%ﬁﬁ%ﬁﬁ%%ﬁ.ﬁﬁ%a%i%%ﬁﬁ%ﬂ??ﬁﬁ%%,&%%
T T AE R R (W UC R SEVE A TUC D, St 25 SR W, % S0 IR AL A A R 35 93%, I IE AR %y
80.5%, 1J LAAERA IR F TEREATRAE se 7, SR HAT AT E. X .
RBEIR: RPALE AL EEAH; AR, FHERIG TR ’

i EONL R g N

http://www.c-s-a.org.cn

L ocation Algorithm Based on the Block-Type Hand-Shaped Feature Points
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Abstract: The acc{lracy of the hand feature points location directly affects the correctness of the hand matching. On the
basis of the existing hand features location, this paper proposes a feature points location algorithm, which is based on
partial blocks scanning. The algorithm starts from the middle finger peak which is the most easy to locate. Then we
determine the coordinates of the rest fingers peak points and valley points, step by step according to a fixed order
recursive formula block based on the coordinate of the middle finger peak. Then, we extract the hand feature vectors
based on the determined feature point and use matching algorithm based on the hand feature vectors to match.
Experimental results show that the success rate of the algorithm's feature points is up to 93% and the aécuracy rate of the
hand shape recognition is up to 80.5%. This indicates that the algorithm can accurately locate the haﬂd feature points and
the algorithm is feasible. \
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