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Current Situation and Prospect of Customer Churn Management
ZHANG Zhu-Xiang, LUO Nian-Bei
(School of Economics and Management,*Fu‘zhou University, Fuzhou 350108, China)

Abstract: This paper summarizes the literature about the following aspects: the definitions of customer churn and
customer churn management; research contents and application scenarios of customer churn issues; customer churn

prediction algorithms and feature extraction methods; the evaluation technologies and measurements. In the end, we point

out the shortcomings of the current research and put forward some future research directions.
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