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Real-Time Detection 6f Face Abnormal Occlusion Based on the Indoor Patrol Car

ZHANG Wei-Feng, ZHU Ming
(School of Information Science and Technology, University of Science and Technology of China, Hefei 230026, China)

Abstract: In recent years, with the acceleration of urbanization process, people become more concerned about security in
public places like banks, official buidings and schools etc. Therefore, intelligent monitoring has become a hot topic in
current research. This paper mainly studies the face abnormal occlusion events based on the indoor patrol car. Firstly, we
extract the foreground of surveillance video. Then, we locate shoulders and use an ellipse to fit the area of head based on
the foreground. And then, we determine the face area through the skin color rate. Lastly, we detect thé.ey\'e_s and mouth of
the area through Haar detector to determine whether there are abnormal occlusion events. The experimental results show
that the algorithm proposed can detect abnormal occlusion events effectively. \

Key words: face occlusion; codebook model; ellipse fitting; skin coler detect; Haar detector
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