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Vehicle Logo Récdgnition Method of Feature Fusion Based on D-S Evidence Theory

CHEN Fang-Xiong, CHENG Liang-Lun, HUANG Guo-Heng
(School of Automation, Guangdong University of Technology, Guangzhou 510006, China)

Abstract: For the intelligent traffic, there are inaccuracies in the multi-dimensional information identification of vehicles.
Especially for vehicle logo recognition, the recognition results depend largely on high-resolution and high-quality images.
A new vehicle logo identification method is proposed for distinguishing low-quality vehicle image captured at the
bayonet. This method is based on the feature fusion of D-S evidence theory, extracts Hu invariant mbments and HOG
features, and uses different classifiers,the basic probability distribution (BPA) is “constructed, the'improved D-S evidence
theory is used to fuse, and the final recognition result is given according to theldiscriminant rule. Through experiments, it
is proved that the accuracy can be maintained at a low resolution, and the classification accuracy is 94.29%, which is more
robust than a single feature recognition. .

Key words: vehicle logo regression; basic probability distribution; D-S evidence theory; feature fusion; robustness
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