LRGN ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2019,28(6):247-253 [doi: 10.15888/j.cnki.csa.006906] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

s -+ — =z > ~
ET ANFIS JE & 1B Y5 I 32 18 7 Fuml @
PRSRVE, FERUEE, MAKRBR, 2R
(ILAREHURE 5 B 5 BA TSR, Hrr 250101)
JBEIRES : BRI, E-mail: bingyang.yan@foxmail.com
1 S ST RN AT R SN AT DA B AT R AT B U BR 2R, 4R AT AR, AT SR @A B H 2 R E A AR
YA 5 R ke S o IR B, SN S AR AR IO L R T, 3 S T A, A SR T —
FhEET B I RBMIHE R R G0 (ANFIS) VR A B 2. 27k A B 20 ) U4 R R 2R e 22 Sl X)) ANFIS B A £ il
153, IR I HR VR S Y R R, 518 AL RR A I 2% (BPNN) *ﬁﬂﬂa%‘zﬁ ANFIS HEARIFEAT R L. SEge 45 R
U BHYR R R 5 S AT I 75 T A B PO P P AR A | '
SERIR): AT TN I IMESRE RO HERE 258 (ANFIS); I i H HR B0, /b — e

BRI R R BT, P OEE, K PR, ZE A 3 T ANFIS VB4 M 50 £ 6 Ao A @A T v S R 4509 F11,2019,28(6):247—253. http://www.c-s-
a.org.cn/1003-3254/6906.html

y

Short-Term Trzifﬁc Flow Prediction Based on ANFIS Hybrid Model

YAN Bing-Yang, TANG Min-Jia, ZHOU Chang-Geng, LI Yin-Ping

(School of Information and Electrical Engineering, Shandong Jianzhu University, Jinan 250101, China)

Abstract: Urban short-term traffic flow forecasting can help people choose the optimal route for travel and improve travel
efficiency, which is necessary because the traffic congestion increasingly serious today. It is difficult to predict short-term
traffic flow accurately because there are various factors can influence short-term traffic flow such as weather. To improve
the accuracy of short-term traffic flow prediction, this study proposes a hybrid model based on Aéapﬁve Neuro-Fuzzy
Inference System (ANFIS). The hybrid model is combined with the periodicity knowledge model and the ANFIS model
which has been driven by residual data. To verify the performance of the proposéd hybrid model, it is compared with the
Backward Propagating Neural Network (BPNN) model and the norrﬂe;l ANFIS model. The experimental results show that
the hybrid model has better applicability and accuracy in traffic flow prediction.

Key words: traffic flow prediction; periodic extraction; Adaptive Neuro-Fuzzy Inference System (ANFIS); back

propagation algorithm; least squares |
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