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Traffic Flow Foi‘ecasting Model Based on Data Mining Technology

DENG Jing, ZHANG Qian
(School of Computer Engineering, Nanjing Institute of Technology, Nanjing 211167, China)

Abstract: In this study, traffic flow forecasting in the field of traffic data mining is studied and implemented. This paper
presents an algorithm for feature selection of traffic flow data and establishment of traffic flow prediction model based on
data mining technology. After cleaning the sampled data, the classification and regression decision?treg are used as base
learners, and the gradient lifting decision tree is used for regression fitting to calculate the characteristic importance of
traffic data. The importance is used as the basis of adaptive feature selection. Secondly, the clustering algorithm is used to
cluster the selected feature data, which reduces the sample size and makes the similar data more similar. Finally, real-time
data matching and clustering are used as training data sets, and suppért vector machine is used to predict traffic flow after
parameters optimization by Artificial Fish Swarm Algorithm (AFSA). At the end of this paper, experimental data are
presented to demonstrate the proposed-algorithm.and model.

Key words: data mining; traffic flow forecasting; feature selection; gradient lifting decision tree; Support Vector Machine
(SVM); Artificial Fish Swarm A:lgorithm (AFSA)
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