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End-to-End Speech Separation Based on Deep Acoustic Feature

LI Juan-Juan', WANG Dan’, LI Zi-Jin’

'(School of Computer Science, FudanUniversity, Shanghai 201203, China)
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Abstract: An end-to-end single channel speech separation algorithm based on deep acoustic feature is proposed. The
traditional acoustic feature extraction methods require the Fourier transform, discrete cosine 1’t‘ra“nsform and other
operations. This will cause speech energy loss and long latency. In order to improve these.problems, the original
waveform of the speech signal is used as an input to a deep neural network, dee[;icr aceustic features of the speech signal
are learned through a network model. Objective evaluation showsithat the proposed algorithm not only improves the
performance of speech separation effectively, but also reduces the time delay of speech separation algorithm.
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