MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2019,28(10):190—195 [doi: 10.15888/j.cnki.csa.007097] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

A z : AY t ,;\
ETHEMESEE NI F SRR
3 iEY

/

L5, TRENAE, OB
(RIFERHER2E tH RN S HR 220, KR 030024)
TWRVEH: T8k, E-mail: giaogangzhu@sohu.com

fOF: P OOOREO & o B AR TE F AL T I A SR 55 2 —, N TLRON 7 20 LA 2 B ”‘%:If’lf FR B B 7 0K,
T3 T Ge Tt I SO FVEAN R RS (A RS S5 T R4, 10T Lo 1] @ 4t 7 — P BE TP 22 0 2% 530 3 bl
T g R SCSCAERS T TR R RIS SR OO B PRI PRSI, I 5 N FE R s AL 2 16 3 ]
)15 S 5% R A 3R AE /7. TEIE T Keras 125 STHESE RAPRLR HE17 SEHL, SRS SR W, %7 RE IS X 518 L
R O SCARHEAT RN

RARIR): R SCSCAONS s T IR LF) [P Ao 22 24t 3 213 7 1A

SURIM 3R T 5, TR A0 R, B 3 T4 4 R 4% 15 3 B LRI ) S SC AR B X D ik B LR 481 T ,2019,28(10):190-195. http://www.c-s-
a.org.cn/1003-3254/7097.html

Chinese Text Proofreading Method Based on Neural Network and Attention Mechanism

HAO Ya-Nan, QIAO Gang-Zhu, TAN Ying
(School of Computer Science and Technology, Taiyuan University of Science and Technology, Taiyuan 030024, China)

Abstract: Chinese text proofreading is one of the key tasks in Chinese natural language processing, and manual
proofreading is difficult to meet the data volume requirement of daily work, and the text proofreadingimethod based on
statistics can not deal with semantic errors flexibly. Aiming at the above problems, a Chinese text proofreading method
based on neural network and attention mechanism is proposed. The bidirectiona'i_ Gated Recurrent Unity neural network
layer is used to obtain text information and feature extraction, and the ability of attention mechanism layer to enhance the
semantic logic relation between words is introduced. The model is iinplemented under the framework of deep learning
based on Keras. Experimental results show that this method can proofread text with semantic errors.
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