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Discrete Jaya Algorith}n for Complex Network Community Detection

LI Jian-Xiong, BAO Zhi-Qiang

(School of Computer Science, South China Normal University, Guangzhou 510631, China)

Abstract: Community structure is one of most important characteristics of complex networks. The community detection
problem based on modularity is NP-hard as a combinatorial optimization problem, which is often solved by heuristic
algorithms. Jaya algorithm is a simple and effective meta-heuristic method for solving continuous optimization problems.
In this study, the strategy of discreting Jaya algorithm for complex network community discovery isigiven on the basis of
updating the population individuals according to the way Jaya algorithm works, that is; an indiyjdueﬂ is updated close to
the best solution and far away from the worst solution, and thus a discrete Jaya aléprithm for complex network community
discovery is proposed. Experiments show that the proposed algorithm has the advantages of high resolution and automatic
determination of the number of communities compared with the classical algorithms in several real network instances and
a class of artificial network instances.
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