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Fuzzy Support Vector Machine Algorithm Based on Inequality Hyper-Plane Distance

LI Cun-He, JIANG Yu, LI Shuai
(Computer Science and Technology, China University of Petroleum, Qingdao 266580, China)

Abstract: In the age of the big data and artificial intelligence, Support Vector Machine (SVM) has been successfully
applied in many aspects and becomes one of the common methods to solve classification problems. But the real world
data is usually imbalanced, making its performance of classification significantly decreased. This study proposes to
improve original standard Fuzzy Support Vector Machine (FSVM) by using inequality hyperfpléne distance. The
algorithm introduces parameter A to controls the distance between hyper—plar}e and categories, and constructs fuzzy
membership function by calculating sample mutually center distance, whicﬁ canfimprove the falling precision of
classification caused by imbalanced distribution of sample and noise data. The effectiveness of the proposed algorithm is
verified by experiments, and the result shows that the proposed algorithm has a better effect of imbalanced data.
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