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Algorithm of Moving Target Handover Based on Deep Learning
CAO Jian-Rong"*, WU Xin-Ying', LYU Jun-Jie', WANG Ya-Meng', YANG Hong-Juan'?, ZHANG Xu'

'(School of Information and Electrical Engineering, Shandong Jianzhu University, Jinan 250101, China)
*(Shandong Provincial Key Laboratory of Intelligent Building Technology, Jinan 250101, China)

Abstract: In view of the discontinuity and uncertainty of moving objects in the non overlapping,view of multiple
cameras, a handover algorithm of moving pedestrian target based on deep learning is proposed. lgirsﬂy, a face feature
extraction model is constructed based on deep convolution neural network, and the face feature eXtraction model is trained
to obtain accurate face features. Then compare two common similarity measurement methods, choose a more suitable
similarity measurement method to complete the optimal face mat_cfling process, and then improve the accuracy of face
matching. Finally, the most matching face can be found'by feature matching under different cameras to realize the
handover of moving objects. Experiments show_that the depth neural network can accurately extract the facial features of
moving objects, achieve the acyurate matching process of human faces, and effectively complete the task of moving

object tracking under multi cameras.
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R3 0.6255  0.6255  0.0000  0.6785  0.7340 C 0.9661 1.0159  0.0000  1.0862  0.9956
R4 0.9059  0.9223  0.6785  0.0000  0.9142 D 1.0660  1.0278  1.0862  0.0000  1.0408
R5 0.5038  0.6560  0.7340  0.9142  0.0000 E 1.0540  1.0163  0.9956  1.0408  0.0000
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