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Vehicle Structure Information Extraction Based on Multi-Task Learning

ZHU Hong', CEN Yue-Feng’, WANG Si-Tai'

'(Department of Government and Enterprise Customer, Zhejiang Branch, China Telecom Corporation Limited, Hangzhou 310000,
China)
*(School of Information and Electronic Engineering, Zhejiang University of Science & Technology, Hangzhou 310000, China)

Abstract: Currently, most of vehicle structured information was obtained through multiple ste[;s, which caused the
problems such as fussy training, limited training data in each step, and the accumulation'of errorin processing. Therefore,
multi-task learning was applied to union the structured information extraction in a single neural network, and shared
feature extraction structure can help to reduce the error accumulatioﬁ,in various processing. A loss function of multi-task
learning was put forward for end-to-end network training: For solving the training data limitation problem, a new dataset
augmentation and combination approach was advanced. The experimental results on the dataset KITTI show that the mAP
(mean of the Average Precision) of VISENet achieves 93.82%, and the processing speed can satisfy the real-time request.
Compared with multi-step Yehicle structure information extraction method, the proposed approach reduces 60% of
average processing ‘tinie and achieves similar or better performance. These results show that the proposed method has
certain advancement and is effective.
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