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Improved CART Decision Tree Regression Algorithm Based on ELM

WANG Hong, ZHANG Qiang, WANG Ying, GUO Yu-Jie
(School of Computer and Information Technology, Northeast Petroleum University, Daqing 163318, China)

Abstract: In order to increase the accuracy of the Classification And Regression Tree (CART) regression algorithm, we
propose an improved CART regression algorithm based on Extreme Learning Machine (ELM-CART for short). The
proposed algorithm mainly applies the ELM for modeling at each leaf node in the process of creating a CART, which can
get the true regression prediction value, improve the generalization ability, and compensate for stch diéadvantages of the
CART regression algorithm as easy overfitting and constant predictive output. The experimental results show that the
proposed algorithm can effectively improve the prediction accuracy of target data'in régression analysis, and its accuracy
is higher than that of the counterparts. " :
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