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Abstract: To accurately classify Sina microblog comment information, this study proposes an improved genetic
algorithm-improved particle swarm thimizatibn-balanced support vector machine (GA-IPSO-BSVM) classification
model to enhance the accuracy an(i convergence of classifying Sina microblog comment information. Firstly, to
effectively improve the algorithm convergence speed and efficiently save computational resources, this model introduces
the elimination mechanism of the GA in the early iteration to remove a large number of low-speed particles. Secondly, to
avoid the algorithm being trapped in local optima and improve the topology of particle relations in PSO, this study utilizes
a K-means clustering algorithm to perform cluster partition of particle swarms in the middle of the iteration. The particle
swarms are iterated in the communities and excellent particles are selected in each community. Thirdly, all excellent
particles in the communities are combined into an excellent particle swarm that is iterated to derive the global optimal

solution in the late iteration. Fourthly, the hyperparameter optimization of BSVM is performed by combining GA with
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IPSO to enhance classification accuracy. Finally, the proposed GA-IPSO-BSVM model is used for verifying the

classification and prediction of Sina microblog comment information. The experimental results demonstrate the

superiority of the proposed classification model over other benchmark models applied to Sina microblog comment

information classification in terms of accuracy improvement.

Key words: Sina microblog; information classification; support vector machine (SVM); particle swarm optimization

(PSO); genetic algorithm (GA)
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