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Overview on Speech Synthesis, Forgery and Detection Technology

YANG Shuai, QIAO Kai, CHEN Jian, WANG Lin-Yuan, YAN Bin
(PLA Strategy Support Force Information Engineering University, Zhengzhou 450001, China)

Abstract: In recent years, with the rise of mobile intelligent devices, people contact and use voice information more and
more frequently. Voice forgery and its detection have become increasingly important technologies in the field of voice
processing. Firstly, this study clarifies the general process of a voice generation system and systemat%cally summarizes the
two main technologies, text-to-speech (TTS) and voice conversion (VC), in the field of voice forgery. Then, the common
algorithms in voice forgery detection technology are introduced and classified. Finally, to tackle the existing problems in
voice forgery and its detection, this study puts forward possible deyelopmerﬁ directions from the perspectives of data,
models, training methods and application scenarios.
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