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Abstract: To minimize the performance difference between neural machine translation (NMT) and human translation and
solve the problem of insufficient training corpora, this study proposes an improved NMT method ba?s‘ed' on the generative
adversarial network (GAN). First, the sentence sequence of the target end is addeﬁd with small neise interference, and then
the original sentence is restored by the encoder to form a new sequence. Secondly, the fesults of the encoder are presented
to the discriminator and decoder for further processing. In the training process, the discriminator and the bilingual
evaluation understudy (BLEU) objective function are employed to elvaluate the generated sentences, and the results are
fed back to the generator to instruct its learning and optimization. The experimental results demonstrate that compared
with the traditional NMT model, the GAN-based model greatly improves the generalization ability and translation
accuracy of the model. g B :
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RNNsearch+GAN 36.72 39.01 37.66 37.79
Transformer 45.66 46.89 46.04 46.20
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S :
2) B yE AR SRR B, R SRR AE R A 0 W 2,
. L)
= 3 s, .
*
#* 2 English-German BLEU
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RIGIEHE Y GAN-NMT-DA J7 3% (76 20k, 78
AEBPEEE by kAT 5 LG, K 2 A T LR
PR R, v LUE H, 51550 RNNsearch AU AH L,

% T Chinese-English, % 3 5255 ¥ BIRE45 5, v LA
% 1 7F RNNSearch #8574 |- 5] )\,,GAN _ RNNSearch+GAN
1E SR 4 BLEUSF Y42 % T 3.48. Transformer
SR G LB T R PE AR TE. AR I, 7E Trans-
former 1 5] A% HT =257 LA Skt — 45 ) o
Transformer #AIA L, I GAN ) GAN+Transformer
S50 R G NASE L BLEU #2517 0.90.7E 1 F DA )5
V)G, AR TR, GAN+Transformer+DA 3R K iE B
FETF, J7 A S0 B 7 T AH b 2 BT 759 BLEU $2
= 1.87. SR BRI, A SCHR H B AL I 2R i 2 AN
P, AL 5 2] Re ) RZ AL RE 77 S 5.

4 peE5RE

WOCHR I T GAN EARSIANLLE R, e S
B 8 77 i, IR H ARSI TR A, HE N T
TR S 1R B A AT S PN, 240 TR e T S8
JSAG )T, Lk Bl B A S B B 5, e R
HFIBRE IR E R, FE Sl -SRI S , Tk
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