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Optimized Apriori Algorithm for Mining Association Rules
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Abstract:

To address disadvantages of the Apriori algorithm, a new method is presented to optimize the Apriori. It can

reduce the number of invalid candidate item sets through optimizing the strategy of frequent item sets

pruning. In order to reduce the connections of items, avoid repeated comparison of the same items, it

optimizes the joining strategy. And it also removes the useless transactions from database step by step in

order to reduce the times of scanning transactions. The results of experiment show that the optimized

algorithm is more efficient.
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(5) Ck= apriori_gen(L/k-1,min_sup);

(6) For each transaction te Dk-1{

(7) Ci=subset(Cy,t);//BEEF— =S5t B85
CHF&E G

(8) For each candidate ce C{

(9) c.count++;

(10) }

amn }

(12) Dk=reduce(Dx-1);/ /L= 4a 254 %

(13) Lxk={c € C«|c.count>=min_sup};

(14) }

(15) Return L=UyLy;

procedure delete(Li-1) / /M Li-v MIBRBETE
HIRE DT k-1 II&E

(1) for all I in Lk-1§

(2 ifielf '

(3) i.count++:/ /Gt Lt HEEANRE N

4) 1}

(5) }

(6) if (i.count<k-T)

7) ifiel

(8) delete | from Li-1;//MiBx Lt FAAEEE
TE i I

9 1}

(10) return Ly

procedure apriori_gen(Lx-1,min_sup)// ¥l /8
MEFIE A PR ERE

(1) for each itemset I1 e Lk-1{

(2) for each itemset 12 &Ly A2 behind 11{

(3) if (101]= 12[1) A ([2]1=12[2]) A -~ A
(1[k-2]=12[k-2]) *

4) {c=1T1ul2;

(5) if has_infrequent_subset(c,Ly- 1)

(6) deletec;

(7) else

(8) add cto Cy;

9 1}

(10) else break;

an 3

12) }
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(13) return Cy;

procedure reduce(Dy-1)//H Ck3K L F3372H
IR BmERE

(M if (ltl=k) or (IC|<k+1)//MBREND k
NES, HKRBE G FEMUMNM k+1 HIEF, t
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(2) delete t from Dy-1;
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