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Age Estimation of Face Image Based on Fuzzy Membership Degrees

ZHANG Tian-Gang, KANG Su-Ming, ZHANG Jing-An
(School of Mathematics and Computer Science, Shanxi Datong University, Datong 037009, China)

Abstract: Because of the greater yncertainty"exists in both face features and age, a novel method based on fuzzy
membership degrees for ‘age* estimation of face image is proposed. Face features are extracted by Gabor wavelet
transform which are‘robust to the illumination change and scale variations. In order to avoid dimensions disaster and
reduce the follow-up calculation, the dimensions of the extracted features are reduced by means of principal component
analysis. The fuzzy function is appropriate for age estimation of face image was derived rigorous. The principle of
maximum membership degree is used to age estimation, the experiments were conducted on the FG-NET face database
and own FAID face database, the highest recognition rate of 94% was achieved.
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