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Survey of Spatial Clustering Algorithm with Obstacle«Constrains
YU Dong-Mei
(School of Mathematics and Computer Sciegce, Shaanxi University of Technology, Hanzhong 723000, China)

Abstract: Classical algorithms of spatial clustering are performed in optimal data space without any obstacle. But many
obstacle constrain$ exist in the real-world, such as rivers, mountains, etc. They may affect results of clustering
substantially. In this paper, the knowledge of spatial clustering algorithm with obstacle constrains is illustrated in brief.
And then, research history and inheritance relation of the algorithms is given. These algorithms are divided into four
categories from seven respects. At last, technical feature of every category and trend of spatial clustering algorithm in
the presence of obstacles are analyzed.
Key words: spatial clustering; obstacle constrain; category; obstacle distance; clustering algorithm
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