R[N VA

http://www.c-s-a.org.cn

2015 4E 244 B 9 W

E T4 B Haar 431ERY AdaBoost A j&#

PR, ARSC, B IR
(HERR TR, FEfR 541004)

Iy”J b s

i F: XTI Haar $R1E 1 AdaBoost NI SEAA AERRA AR SRR A5 AN AL, W T Haar FFAEIK
PR, IXLH Y Haar $510E A8 08 A 208D DN JE B -5 MRS ACRE AR A 5 1S AR, ] I 25 B — 24X AR

HEB R AT (R
SIS e 45 RIS UE T oSt S R B AT
X$217): AdaBoost; Haar $F1E; 265258

CFAE AR i R SE R, VRN T T A Haar $51ES AdaBoost SEyk A4 G 20 2R 28 A4S 45

|

X

AdaBoost Algorithm for Face Detection Based on Extended Haar Feature

YAN Xue-Long, REN Wen-Shuai, MA Jun

(Guilin University of Electronic Technology, Guilin 541004, China)

Abstract: Aiming at the high undetected rate and false detection rate, and other less which are existed in the AdaBoost

algorithm based on Haar feature for face detection, the expanded categories of Haar features are added in this paper, and

it can effectively reduce the erroneous judgement caused by the approximation of the gray value between the eyebrows

and eyes. At the same time, the real-time of algorithm is improved by removing some features having bad effect for face

detection. The cascade classifier constituting of Haar feature and AdaBoost algorithm is analyzed in depth. Finally, the

experimental results verify the feasibility of the improved algorithm.
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