2016 4 $ 254 F8 W WE PR &N H

http://www.c-s-a.org.cn

B#RRAI BRI TEN = 7R
AR, A
(TR AL, BT 530003)

i F VB PR R IR AL VE L I OGBS IR, A SCIRABIE T T HRPAE 1) 2 AP LR AN A2 S E 5 92k 1 22
S, JFLUBAR B SCHRIU B — 2 5 R AE R B ls, 23504545 x® BE L L ALRE 25 0 2 =R AN I g A
ALAPED 7 i 00) 22 P B G AR HE 2R AT T UM SR IE.

REEIR: AU Sy AR, JBAR BT )

Similarity M easurement M ethod of Tar get Recognition |
LI Guo-Xiang, XIA Guo-En "

(Department of Academic Affairs, Guangxi University of Finance and Economics, Nanning 530003, China)

Abstract: Similarity measurement is a key step in image matching, this paper studies the differences between feature
vector sequence alignment and cross comparisan method, and based on two-dimensional histogram features which are
extracted by shape context,respectively combined with x2 distance, earth mover’s distance and the diffusion distance
these three different similar measurements, it carries out the identification and verification of a variety of image standard
library.
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