LRGN ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2017,26(11):152—158 [doi: 10.15888/j.cnki.csa.006044] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

s — | Afe S
[ [ Z Fi = A R B o B E R
RIRLE, MR, & Ja', Fok!
(P ERFERAR R THENURE SHAR B, A8 230027)
A(ENEERE HEPLAE S5HEA R, AR 230000)
O B UET RO TR R I ERIUNER SR RIS, SkB 3. JeIARE S5 T S IEAE
() ) L, 4R T 45 TR I S (AT oy vk, R @ 4 T A RO RIS B AN S B i R
AT 5 DX S B AR, AT 2 2 B 45 R 8 SCE el i R R Zh (R (B B, FF R T S0 R 5650 X,
IR 5 G BT SN T S S 0 IX ol g S PR AR, SR Bt 4 . R AR S SN R 5 R R, AR S
E T AL G0 R0 I 1 5 3 AR R O T U AR P B Sa T, B T R A v TR R 1 3h A AR AL AR AL AL A
FEPIANFRAERR 4 F IR SEIG 45 SRR W, FTR S90S il AN 5 BISTEEMIEL, BRAR 7 20 B4 ISR R, A
At E TIEZ s FIE .
SESRIR): BUATON G50 i P U s T R A g T

Ly

M

S FRS : AR A B A SR T 14 % F 0 5% RO ML 2 B4y EV D A E AL R SR H,2017,26(11):152-158. http:/www.c-s-
a.org.cn/1003-3254/6044.html

Automatic Video Object Segmentation Algorithm for Multiple Scenes
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Abstract: Aiming at the problems of poor robustness in the complex environment, lens movement and'light instability, a
video object segmentation algorithm combining optical flow and graph cutting is propesed. The main idea is to improve
the segmentation result by analyzing the motion information of the foreground object and obtaiﬁing the prior knowledge
of the foreground area on the single frame image. Firstly, the motion information in the video is collected by the optical
flow field, and the prior knowledge of the foreground objectis extracted. Then, the foreground object segmentation is
realized by combining the priori areas of foreground and background. Finally, in order to improve the robustness of the
algorithm in different scenarios, this paper improves the traditional geodesic saliency model, and employs the dynamic
position model optimizationvme,chani“‘sm based on Gaussian Mixture Model based on the intrinsic temporary smoothness
of video. Experimental‘resul‘t‘s on two benchmark datasets show that the proposed algorithm reduces the error rate of the
segmentation results compared with other video object segmentation algorithms, which effectively improves the
robustness in many scenarios.
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