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Stance Detection in Chinese Microblog Topic Based on Word Embedding Technology and
Thematic Words Feature

ZHENG Hai-Yang, GAO Jun-Bo, QIU Jie, JIAO Feng

(College of Information Engineering, Shanghai Maritime University, Shanghai 201306, China)

Abstract: With the development of the mobile Internet, Microblog topic has become popular. A single hot topic may have
tens of thousands of comments. The stance detection of Microblog topic aims to automatically determine whether the
author of a text is in favor of the given target, against the given target, or neither. Firstly, Word2Ved trains out each word
of the corpus of vector to extract semantics information from sentence. Then, TextRank keywords "extracted method is
used to construct the thematic words set as the stance’s feature, meanwhile, the"‘vsentiment lexicon is used to extract the
sentiment information of the sentence. Finally, the word vector of feature selection is'trained and predicted by Support
Vector Machine (SVM), so as to complete the model of stanee detection. The experimental result shows that the stance
feature based on the combination of thematic words and sentiment words can obtain good stance detection effect.

Key words: stance detection; thematic words feature; word embedding; stance feature
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