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Z-Score Model Financial Prediction for Listed Companies Based on Improved FOA Algorithm

KANG Cai-Hong, WANG Qiu-Ping, XIAO Yan-Ting
(Faculty of Sciences, Xi’an University of Technology, Xi’an 710054, China)

Abstract: In order to improve the prediction ability of the traditional Z-Score financial prediction model, this paper
proposes a financial prediction model of Z-Score for listed companies based on improved Fruit fly Optimization
Algorithm (FOA) by combining the good searching ability of improved FOA algorithm and the Z-Score financial
prediction model. The Root Mean Square Error (RMSE) between the predicted value and target Value is reduced by
improved FOA algorithm being applied to optimize the parameters of Z-Score model."We compare the predicted value
and target value of the financial data of listed companies to test the accuracyiof finanéial prediction. The experimental
results are as follows: accuracies of the traditional Z-Score financial prediction model, FOA algorithm optimized Z-Score
model, and improved FOA algorithm optimized Z-Score model are 65%, 70%, and 80%, respectively. Experiments show
that the improved algorithm significantly improves the predictive ability of Z-Score financial prediction model, it is also
illustrated the validity of the algorithm. ", -
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