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Detection of Moving dbjects in UAV Video Based on Single Gaussian Model and Optical Flow
Analysis

FAN Chang-Jun, WEN Ling-Yan, MAO Quan-Yong, ZHU Zhong-Ke

(The 52nd Research Institute, CETHIK Group Co. Ltd., Hangzhou 310012, China)

Abstract: To meet the real-time demand of moving object detection in Unmanned Air Vehicle (UAV), and to cope with
the problems of moving background and variable illumination, a novel moving object detection technique based on Single
Gaussian Model (SGM) and optical flow is presented. First, an improved SGM is applied to model the background of the
image captured by moving camera, and then the corresponding models of previous frame are fused to compensate the
motion of camera. Second, the obtained foreground is used as a mask to extractifeature points to calculate optical flow,
and then these sparse points are clustered to detect the objects. Experimental results demonstrated the effectiveness of the
proposed approach in preventing the background model of SGM f_r(;m being contaminated by the foreground, as well as
dealing with illumination changes. It can also update backgfound model quickly and obtain moving objects precisely.
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