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Study on CNN—BaSed Turbulence Image Degradation Intensity Classification

LAN Zhang-Li, KUANG Heng, LI Zhan, HUANG Tao, CAO Juan
(School of Information Science and Engineering, Chongqing Jiaotong University, Chongqing 400074, China)

Abstract: Turbulence image restoration is a hot topic in the field of meteorology, but there are few studies on the
classification of turbulent disturbance intensity images. Aerial images of different scenarios are processed for atmospheric
turbulence. 2000 corresponding turbulent interference images are generated by adjusting the intensity of turbulence
degradation value, and then they are sent into the convolutional neural network after the image preplzocéssing in turbulent
degradation intensity classification, finally by optimizing the structures, conyolutional neural network model of the
activation function and the adjustment of vector for further improving classiﬁcaﬁbn accuracy. Experiments show that the
classification accuracy of turbulent degradation images which hav'“e, different interference intensities by convolutional
neural network is about 80%, which demonstrates that'this method is of guiding significance for the restoration of
atmospheric turbulent degradation images.

Key words: turbulent image; convolution neural network; degradation intensity; classification
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