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Rust Detection of Power Equipment Based on Mask R-CNN

XUE Bing
(College of Computer & Communication Engineering, China University of Petroleum, Qingdao 266580, China)

Abstract: The recognition of rust target on power equipment has very high application value in power security,
nevertheless, the rust has the characteristics of irregular size and shape, thus the detection efficiency and accuracy of
traditional machine learning algorithm are not high. Aiming at this problem, the characteristics of rust stain are studied
and analyzed, and a rust detection and recognition method for power equipment based on Mask R-€NN is proposed.
Faster R-CNN is used to complete the function of target detection, FCN accurately completes the function of semantics
segmentation, realizes the classification and recognition at the pixel level, and better solves the‘i)roblem of irregular rust
detection. The experimental results show that the accuracy of rust detection'of power equipment based on Mask R-CNN is
high. “
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