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Application of LSTM Network Model in Web Server Resource Consumption Prediction

TAN Yu-Ning, DANG Wei-Chao, BAI Shang-Wang, PAN Li-Hu
(School of Computer Science and Technology, Taiyuan University of Science and Technology, Taiyuan 030024, China)

Abstract: How to predict the aging trend of the software accurately, and take the corresponding recovety strategy is a key
problem of preventing software aging. To solve the problem, this study designs a resource prediction method based on
Recurrent Neural Network (RNN) and its variant-Long Short-Term Memory (LSTM),.and builds an accelerated aging test
platform to model and forecast the aging phenomenon of the Web server due to memory leak. The experiments show that
LSTM network prediction model proves to be superior to the other fraditional models in dealing with the time sequence
modeling of aging parameters, with the predicted results closer to the actual values and the higher prediction accuracy,
which can effectively improve the reliability andsavailability of the software system.
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