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Evaluation Model for Personal Credit Risk Based on C4.5 Algorithm for Optimizing SVM

LIU Xiao-Ya, WANG Ying-Ming

(School of Economics and Management, Fuzhou University, Fuzhou 350108, China)

Abstract: Support Vector Machine (SVM) has been widely used in the field of credit evaluation as non-parametric
method. However, it cannot actively select attributes when processing high-dimensional data which may cause a drop in
accuracy. In order to overcome this shortcoming, credit evaluation model of C4.5 decision tree optimized SVM is
constructed to select attributes, and reduce redundant attributes. The model determines the optiman}l: parameters through
grid search, uses F-score and average accuracy to evaluate model performance on two Sets of public data sets. Empirical
analysis shows that the proposed model effectively reduces data learning procesév, and has higher classification accuracy
and practicability than the various traditional types of single models. ;

Key words: personal credit evaluation; support vector machinei C4.5 decision tree; attribute selection; information
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