MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2020,29(4):24-31 [doi: 10.15888/j.cnki.csa.007311] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

ETREFINERESITHE®
BRRRGN, TINAR, WA, SFRRET

(PEBHR: A5 B TRESABE, VEFH 110044)

JEAEE B, E-mail: hxw69@163.com

1 ZE A B AR PUERS S AR L S B RS T AR R ZE I ) R, BTt HARIRTIN . BRER . BE AT AR AR
SPEI, B HH I T IR B A S RO R R i D5k 1 Sk, it 2 5 AEXT YOLOV3-tiny BT IR, SEELX T/
bR B AERAS I 25 T vt 2 0@ TE R AE Rl 1 F PR ER IR SRV, 56 B H AR TRIE RS 0L T B0ASE PRI &5 it H s
HETTAT AR 7, ek B St ARIAIE I AT AT 09T, SR I 2t B v . S5 SR B
R G I S AER R I F] 93.5%. - -

KBEIR): RIZ o5 BAskil; B ARERES, B4ttt

SR SRR, T AL U4 SR B TR 2 ST N B RS VR RN R R FH,2020,29(4):24-31. http:/www.c-s-a.org.cn/1003-
3254/7311.html

v

Customer Flow Statistics Method Based on Deep Learning

HAN Xiao-Wei, WANG Yu-Wei, XIE Ying-Hong, QI Xiao-Xuan

(School of Information Engineering, Shenyang University, Shenyang 110044, China)

Abstract: Aiming at the problem of error in customer flow statistics caused by fast moving and shielding of the target
when entering the door, this study designs the strategies of target detection, tracking, and behavior judgment of entering
the door, and puts forward the method of customer flow statistics in catering industry based on deep learning. The
YOLOV3-tiny model is trained by multi-data set, and the accurate detection of small target is realized. The target tracking
algorithm of multi-channel feature fusion is designed to achieve the stable trackit}g in the case of'fast ‘target movement. In
this study, we design a method to judge the entry behavior of the target through overlapping rate, and realize the accurate
statistics of the entrance passenger flow. The experimental results shpw that the average accuracy rate of passenger flow
statistics is 93.5%. .

Key words: deep learning; target detection; target tracking; customer flow statistics
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