MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2021,30(1):174—179 [doi: 10.15888/j.cnki.csa.007752] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

ETRERTEBESHNFHFEIHRESH EEE
), RIS, B e

ORI K 2 B IBAS TR, A 610054) [=]
ERMIR 2 SN A SRS 5 M 56 =, BEFH 550025)

SEMRE FENRIE S HR 2, SR 550025)

W IR VE DL VRYITE T AR B, TR 518055)

IEWAEE . A8, E-mail: jjx_uestc@hotmail.com T\

a8 OE AT 5, ARG RER R R —RERR, 7] %%?%%%%EE%HEE%%H}% {1
PSSR RATR 2 SR B (¥ 2 6 DA £ AR RO SO RS R SR 7 S Sk R e Sl 2R A 3%
NI Hl S FEATSR56, S0IE T BATTA 7328 F 7 St~ > FUTRE i O SR B PR At 78 423 AR P R s 24
AT LASIAF LG0T 5 1 5 Fh T E AU AR [R5 v A3 ki P, =

XHEIR): RERRAE; FieE ], GRS

5 g ,’%{Eiﬁ,}d\ﬂ%ﬁ%%.%?%%i’é%éﬁﬁﬁﬁ?ﬁﬂ#ﬂ'riﬁﬁéa\ffﬁ.ﬁ%‘im/%éﬁ)ﬁﬂ%,2021,30(1):1747179. http://www.c-s-a.org.cn/1003-
3254/7752.html

Dictionary Learning Performance Analysis Based on Combination of Vector Representations

JIAO Jian-Xiong', SUN Li-Lei**, XU Yong®

'(School of Information and Communication Engineering, University of Electronic Science and Technology of China, Chengdu
610054, China)

*(Guizhou Provincial Key Laboratory of Public Big Data, Guizhou University, Guiyang, 550025, China)

}(College of Computer Science & Technology, Guizhou University, Guiyang 550025, China)

*(Shenzhen Graduate School, Harbin Institute of Technology, Shenzhen 518055, China) %

Abstract: In the dictionary learning algorithms, the model by the multi-vector represen‘t‘atioh can obtain better
classification performance and more robustness than that by the single vector r"e;presentation. In this study, we use the
combined representation fused multiple vector representations and reasonable weighted logarithms sum schemes to
improve the performance of the dictionary algorithm. Experiments.on public face datasets verify that dictionary learning
algorithms applied with proposed method has higher accﬁracy and robustness. It illustrates that the various potential
appearances of observed objects generated by fully mining and utilizing the diversity of representations are beneficial to
improve the performance of images classification.
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