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Pedestrian Detebtibn Based on Gabor Feature Combined with Fast HOG Feature

REN Meng-Ru, HOU Hong-Lu, HAN Xiu-Lai
(Institute of Optoelectronic Engineering, Xi’an Technological University, Xi’an 710021, China)

Abstract: Histogram of Oriented Gradients (HOG) feature extraction has a slow speed and is prone to the omission of
detailed features in pedestrian detection. To tackle these problems, this study proposes a novel pedestrian detection
algorithm based on Gabor feature combined with fast HOG feature. Specifically, the input 1mage is first subjected to
wavelet transform and the HOG feature of the image is quickly extracted using the idea of integral i 1mage and the principal
component analysis algorithm. Then the fast HOG feature is fused with the Gabor feature obtained after Gabor wavelet
transform. Finally, the hybrid features are used to train the classifier for effective pedestrian detection. The experimental
results on the test set show that the detection accuracy of the hybrid ‘fcature extraction method is up to 7.37% higher than
that of the single feature extraction method when the same claséifier is used. Therefore, the proposed algorithm can
effectively improve the accuracy of pedestrian detection.
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