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Improved RBF Neural Network Prediction Algorithm
WANG Xing-Fu, QIN Qi-Xian, CHENG Yong-Yuan, HOU Cheng-Long
(School of Computer Science, _University of Science & Technology of China, Hefei 230027, China)

Abstract: The ne‘urz;I network is a kind of the commonly used method of data mining, principal component analysis
method is a kind of method that analyzes internal relationship between the many variables of the multivariate analysis of
statistical. Combined the principal component analysis pretreatment method with neural network, you can analyze the
relationship between the original variables, reduce dimensions of the original data and reduce the scale of data. This
paper does research on the neural network algorithm and the principal component analysis correlative theory. Based on
this, combined with a large number of meteorological data and disease data of Beijing, we proposed an improved
method of the data mining which based on principal component analysis and neural network algori_‘_thm preprocessing.
Through the contrast experiment test, the combinations of the algorithm have a large degree increase in the convergence

rate and forecast accuracy property.
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