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Distributed Association Rules Mining Algorithm
CAO Wen-Liang
(Computer Engineering Department, Dongguan Polytechnlc Dongguan 543808, China)

Abstract: Most of the existing data mining algorlthms are processing in the centralized systems; however, at present
large database is usually distributed. Compared with the frequent itemsets lost and high communication traffic in
distributed database conventlonal and improved algorithm FDM, an improved distributed data mining algorithm LTDM
based on association roles is proposed. LTDM algorithm introduces the mapping indicated array mechanism to keep the
integrity of frequent itemsets and decrease the communication traffic. The experimental results prove the efficiency of

the proposed algorithm.

Key words:distributed database; data mining; association rules; frequent itemsets; communication traffic
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