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Time Series Similarity Based on Discrete Cosine Transform

LIU Duan-Yang, ZHANG Rui-Qiang
(College of Computer Science and Technology, Zhejiang University of Technology, Hangzhou 310023, China)

Abstract: In the research domain of time series similarity, there have been many approach that are developed to
represent time series in the order of reducing the dimensionality. As one of the classic time domain-frequency domain
transformation method, the discrete cosine transform has been widely used in the field of graphics and image processing.
In this paper, we used this method to represent time series, and implenmet querying operation etc. on the transformed

data. Our experiments indicate that this method obviously improve the performance compared with previous method..
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