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Algorithm of Distributed Matrix Multiplication Based on Hadoop
FENG Jian, NI Ming, ZHAO Jian-Bo
(The 32nd Research Institute of China Electronics Technology Group Corporation, Shanghai 200233, China)

Abstract: In order to release the burden of large matrix multiplication on a single node, a distributed matrix
multiplication algorithm based on ﬁadoop is proposed. The algorithm uses the input file with binary format, applys
optimal split, remoyes the unnecessary Reduce phase. The algorithm can greatly reduce the amount of input data, has
simple algorithm flow and good scalability. Experiment results demonstrate that the algorithm greatly reduces the

computation of matrix multiplication and achieves good speedup when the amount of input data is around the optimum

loading of the cluster.
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