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Improved Particle Swarm Optimizer with Stochastic Approximation

LUO Jin-Yan
(Department of Mathematics, Minjiang University, Fuzhou 350108, China)

Abstract: In order to overcome the sportcominés of the particle swarm optimization(PSO), an improved particle swarm
optimization based on simultaneous perturbation stochastic approximation(SPSA) method is proposed. It embeds SPSA
into PSO as a local search operator in the proper time, and makes use of the computing resources available in the

optimization process. Numerical experiments for benchmark functions have been done, The results indicate that the

proposed algorithm performs better than the existing ones in terms of efficiency, accuracy and stability.
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