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Algorithm for Micro-blog User’s Followee Recommendation Based on Matrix Factorization
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Abstract: Micro-blog is a social network platform that provides us a new communication and information sharing
service. It has become more and more important in our daily life. An user can follow his interested friends to expand his
social circle throw following relationship. But how to recommend high quality following users is always a difficulty of
personalized service. For the issue, a Seeker-Source matrix factorization model based on micro-blog features is proposed
in this paper. The algorithm is an improved algorithm which is based on “Seeker-Source”. We extracted the
characteristics of user’s interest from each data source, and then introduced into the matrix factorization model which is
suitable for recommending followee friends. Finally, we optimize the model and get the best factor Lparameter matrix to
recommend followee friends. The experimental results carried on real data sets ghow that the proposed method performs
better than the traditional matrix factorization model.
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oy UIZREAIASE. IIZAREER 2011 4 11 A2
HIERIER P E R, {)”M%)”U@f 2011 4F 11 A2 )&
KEMEER.

SEI6 o IR A I SEE0 3858 8:  Intel(R) Core(TM)
i5-3470 CPU @3.20GHz 3.20GHz 4b¥4¢, 4GB 77,
Windows 7 #21E R4, Eclipse 7 X &.

52 LWHERGHH

SEHS AR SCHR[1O1 AR, 98 72 RRAIE 1) 4 2
AWEN 50, FEFE AL 2] FRRE Y 0.0005,
ZHBE N 0.004. SE5H R H MAP@k R VE A il {47
FHREFERET BE (k2 BB 13 34 54 10), iZfEoK, 3
B HE A7 RSOR A .

T S AT R Y ) AR AT ST A SR,
R 1. AR 2 5 T A& G User-Ttem HHE7£ 77
1L MR T Seeker-Source W J7V5, Jm U A2 1E BT
Seeker-Source J5 A RIS - 5] AR [N R T A1 4
1. SRS A5E 50T DL, 3T Seeker-Source Fr)%E B
I AR B R TR0 User-Ttem FFE 43 AR ALY,
X ESCER 19115 th S 518 2 — B, B4b, 1ERL
LA IS RHE S5 1 Secker-Source 40 BRI, 1
2 I AR G R ROR. AN [R) SRR AR X 6 A HE R
YA 22 07 T BT 3R T, JC A2 B ) e S RS AR AT
SERAAE RVRFAE, TSR T AR AE.

® 1 JURSEERIR L SEIR 45 R

Algorithm MAP@1 MAP@3 MAP@5 MAP@10
User_Item 0.4180 0.2475 0.1842 0.1182
Seeker_Source 0.4236 0.2510 0.1857 0.1195
Seeker_Source profile 0.4495 0.2717 0.2024 0.1326
Seeker_Source_keys_tags 0.4309 0.2583 0.1916 0.1200
Seeker_Source_sns 0.4516 0.2810 0.2056 0.1367
Seeker Source_structure 0.4583 0.2899 0.2103 0.1422
2 PTRIRHIZAE Secker-Source JTARIFEA £, RFE. HATHRRAE. SEHIALERRE) XS L SEIR SR, R

BL 25 R P RHE(E SRR PEAFAE . OSBRI ANAR 2%
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AR AE SR RIE L (2608, FIRFRRE2 M B Sl
INFHRARAL [ % B 2 U ) S i, (B8 K 2 20 A
JUHERBCA ININARAS; TR R IR FE B AR R I,
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D Algorithm MAP@1 MAP@3 \, MAP@5 MAP@10
1 Seeker_Source 0.4236 1 0.2510 0.1857 0.1195
2 1+ profile 0.4495 - 0.2717 0.2024 0.1326
3 2+ keys_tags . 104529 0.2806 0.2144 0.1503
4 34-§ns‘ 0.4837 0.3175 0.2689 0.1778
5 - ’ 4+structure 0.5122 0.3581 0.3002 0.1909
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