2016 F #H25% 53 M

http://www.c-s-a.org.cn

E N R g N M

ETFERF IR K-Hub BEFE"

BIEF, (TR

(RN K B2 51 EHURFE 5B, faM 350108)

& 2. K-Hub JRENEZ — M R s 4E 80 IR, (H2 BRI O e B R U, JF X5
LRIA B SEGIEEAREIEFI KR, Oy TR I L R L, SR — PP & T 3h 22 S AR B I3 K-Hub 3RRET
1% 38 B 2T SRS ST AR 2y S (R SRIBR R R, SR 5 M P IR S SQIBRFR fil 15 3 K-Hub (¥ 3RS RE, e 4f SRR,

BT 352 2T K-Hub RREVEAREA R Tt K-Hub [ 2RRMER R,

%

RERIR: mAEMUR, P IUERE, SRR, 35°% 5); K-Hub : -

K-Hub Clustering Algorithm Based on Active Learning

FENG Jian-Bang, HE Zhen-Feng
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Abstract: K-Hub is an efficient high-dimensional data clustering algorithm, but it is sensitive to the choice of initial

clustering centers and the instances which besides the class border may not be correctly clustered. In order to solve these
W

problems, an improved method which incorporates active learning and semi-supervised clustering into K-Hub clustering

algorithm is proposed. It uses active learning strategy to study pairwise constraints, and then, it uses these pairwise

constraints to guide the clustering process of K-Hub. The experiment results demonstrate that the improved method can

enhance the performance of K-Hub clustering algorithm.
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