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Abstract: Resource scheduling is a key technique for container management. Prior work or meets the goal of fairness,
the work load average is scheduled to all physical nodes, pays attention to the throughput indicator; or to meets
performance targets, multiple carrier scheduling the workload related to physical nodes in the same or similar, pay
attention to the response time. In this paper, it presents an application-aware resource scheduling approach, and employs
a multi-queue model to meet both fairness and performance targets. Experimental results show that the approach has
equal throughput for typical big data processing scenarios, and can reduce latency by up to 100% for typical
transactional application scenarios. y =
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i \: A set of physical machine PMSet; \
A specified application App. -
fiith: The -rela‘tioriship “between componenets and PMSet

] Y flcomponenet, PMSet), where componenet; € App.

1 PMSet = DescendingSort(PMSet)

2 PM; = PMSet.remove(0)

3 While PM; > 0

4 For componenet; in App

5. PM = PM — Attr(componenet;)
6 If(PM;<0)

7 PM = PM + Attr(componenet;)
8 Break;

9 Add f{componenet;, PM;)

10. End For

11. PMSet.add(PM;)

12. PMSet = DescendingSort(PMSet)
13. PM; = PMSet.remove(0)
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