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Model of College Students’ Emolument Prediction Based on the Classification Algorithm with
Natural Neighbor

ZHU Qing-Sheng, GAO Xuan
(School of Computer Science and Technology, ChongQing University, Chongqing 400044, China)

Abstract: To solve the problem of hard employment of graduates who expect for the impractical emolument, the paper
builds a model for emolument prediction. On the basis of an classification algorithm with natural neighbor(NaN), it
analyzes the employment data of graduates majoring in Information Engineering in past three years. ‘Thé paper uses factor
analysis method to fetch the latency of employment emolument level determinan}s. Classification prédicts the emolument
by applying the latency as a variable based on the classification algorithm. 'i?_his algorithm avoids the difficulty of
parameter selection in K-nearest neighbor(KNN). The neighbors of each node can also be acquired as the topography of
data set. According to the experiments, the prediction-aceuracy is '80.16%. The paper can guide graduates to build a
reasonable emolument prediction or improve employment.
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:r=1,flag=0,NaN_Edge=10
:Create a k—d tree T from data set X
:Vxj € X,NaN_Num(x;) =0
: While flag ==0 do
for all x;eX do
knn.(x;) = findKNN(x;,r,T)
KNN(x;) = KNN(x;) U {knn,(x;)}
: if xj € KNN.(knn,(x;)) &&
{knn,(x;),x;} ¢ NaN_Edge then

0NN N B W=

9: NaN_Edge = NaN_EdgeVU
{knn,(x;), x;}

10: NaN_Num(x;) = NwaN“_Num(xi) +1

11: NaN_Num(knn,(x;)) =
NaN_Num(knn (x))+1 &

12: end if

13:, \_end for

14: " cnt = count(NaN_Num(x;) == 0)

15% rep = repeat(cnt)

16: if allNaN_Num(x;)) # O|lrep> +r —repeat
then

17: flag =1

18: endif

19: r=r—1

20: end while

21: A=r—-1

22: Return: A, NaN_Edge,NaN Num(x;)

Hr, NaN Num NES X PR ST HE R R
NaN_Edge NERERINE, B—FKLEEF 2 D,
SindKNN(x;, r, T)ERFCRRI A § 188 M40 &, iR
L count(NaN _Num(x;)) 115 Qﬁk%%ﬁl, PR EL repeat(cnt)
SRR & ont (EE9 B, W25 16 /TR &4
o, it
22 GHARENSEE A

ot F AR ) B B, AR T AR AR JE I, AT AT g
HEL—ANFEAS I B SR AR L 2 AN B 0L, Bk
o gk a2 BR K m. R EAT@E ST JH R
A0 BN R I SRR T 2 S B

BB MARET = (11,00, .12}, WEED = {d1,dy,,
o dy TV € D, % NaN(d)FRFEA d; 1) B ARARER.

XFFVdj e NaN(dy), R d; 5 d; KI2EFREH [,
W d; W2 d; (3 BARB . AXS T d,, 1B A
LR JE N R IR N Gnb(d).

Xt FVd; e NaN(dy), WA d; 55 d; FIZAREASHA,
W d; WA d; FEIRE B RBIE. AT d;, R R
L5 AN BER TR N Bnb(d,).

N0 EARAR R A PR AR SR A T BRI

© TEREBIK R

http:/fwww.c-s-a.org.cn


http://www.c-s-a.org.cn

20174F 55264 55 8 1

http://www.c-s-a.org.cn

i H AR SN A

FKAZE, AT FFEACEATR 43 45 R 1) S i s e, A8 306
WZRFEAREAEH T AR 3. 4 P A E AL
Bnb(d;) — ptgnp
T Bnb

w(d;) = exp(—hp(d;)) 4)
H 3R Bnb H-FI1ME, 05,, £/~ Bnb HIFRHEE,
hp(d)FRINGFEAR d; BIFREIME, w(d)ZRIIZRFEAR
d; FTIT B AR

hp(d;) = 3)

S5 20 BT BARAR R AU ZREE AU B ik

BN WZRFEALE D
it N ZRREA SR BB S R

FRD R

Stepl: {fi ] F 2848 JE R R EVAAS BUBHR £ D g

ENIOIER SIS 3 !

Step2: i i A BEA 19 18 2R 4% 5 15 5 45 A FE A 1
Gnb F Bnb; "

Step3: MR #E it E 1 Bnb, tF H P18 g, FIFRAE
% 0

Step4: R4 A 3 HRIIAUE IER T, 1331 FEAR
B AR, iy H AL AR

2.3 BT BERWS LB LRHIMS RN

B 22 LN G0 R R N RHIE R RS, PINFEAR Z
[ PR A AR SR FE IR L A5 B B ok 3, an R U,
H, d, €D, S FoRFEAMIYEL.

T

tikdek
1

sim(ti,dj) = 5) \

T

EAF RN TEWDTE’J/\E%6 7 it A3
SR A 5 R AR R SRR BLRE

o _JVifdiec

6(d],Ck) - { 0 lf dj ¢ Ck (6)

score(t;,cy) = Z w(d}) x sim(t;,d)o(dj,ck)  (7)
d;ENNN(t;)

BT B IR B 73 FEARE 0 B D SR AN 3 4
BT,

Bk 3 2T HARAR R 7 A

BN WZRBEALE D, MSFEALE T
Bt A SARIC U ZRAE A 4R

SR
1: forallti e Tdo
2 Z=t,UD
3 (4,NaN(t;), NaN_Num(t;)) = NaN(Z)
4 ifNaN_Num(t;) =0
5: NaN(tj)) = KNN(t;, 1)
6 endif
7 labelNum(T) = max(score(t;,cx))
8 returnlabelNum(T) \
9 :endfor >
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1 0.7518 0.7554 0.7691
2 0.7404 0.7424 0.7502
3 0.7648 0.7722 0.7794
4 0.7645 0.7832 0.7888
5 0.7634 0.8078 0.8245
6 0.7601 0.7988 0.8054
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