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Abstract: Spark is widely used as a computing platform for large data processing, reasonable allocation of cluster
resources plays an important role in the operation of Spark performance optimization. The performance prediction is the
basis and key of cluster resource allocation optimization, thus we put forward a Spark performance prediction model in
this paper. This paper selects the job execution time as a measure indicator of Spark performance; and put forward the
concept of key Stage of Spark job. Finally, we built the model by analyzing relationships between thé key Stages and the
amount of input data through running a small quantity of data. The experimental r%sults show that the model is effective
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