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Personalized Aéa(iemic Article Recommendation with Tagged Convolutional Nets

MA Xiao-Yang, ZHANG Mi
(School of Computer Science, Fudan University, Shanghai 201203, China)

Abstract: In user-oriented article collection system, users construct their collection sets by adding articles which they are
interested in, studying why users desire specific articles and find the specific articles is particularly an interesting issue in
social science. In this paper, we present the prediction users’ preference on articles by considering co\ntent information,
i.e. semantic information and tags. In this study, we propose a new model which jointly performg' deep representation
learning for the content information and collaborative filtering for the collectioﬁn matrix. Extensive experiments on the
real-world datasets show that it can significantly advance the state-of-the-art.
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