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3D Facial Expression Recognition Using Block CBP Features and Sparse Representation

MA Jie, CAI Yi-Heng, SHENG Nan
(Faculty of Information Technology, Beijing University of Technology, Beijing 100124, China)

Abstract: In 3D facial expression recognition, operator algorithm based on LBP has the characteristics of accurate,
precise, and invariable illumination, while it also has the disadvantages of high dimensions of histogram, poor
discriminating ability, and large redundant information, comparing with traditional feature extraction method. In this
study, a CPB algorithm is proposed based on multi-scaled block CBP feature extraction systerﬁ for the classification of
facial expressions that are represented in 3D, designating to extract features more efficiently. Then, sparse expression
classifier is used to classify and identify the features. The experi_rﬁental results demonstrate that the facial expression
recognition rate has been greatly improved, comparing with traditional LBP algorithm and SVM algorithm.

Key words: LBP; CBP; feature extraction; sparse expression; feature block extraction
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